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Research on player bidding style in Fighting the Landlord
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Abstract: As players have different game styles in the game aiming at the type of players’ bidding

style in Fighting the Landlord

between player bidding and benchmark bidding

this paper presents a statistical method to calculate the difference

and designs a benchmark bidding model that

combines the bidding situation with players’ hand cards and dominating cards to make benchmark

bidding. The results show that the benchmark bidding model in this method can achieve an accuracy

rate of more than 94% on the test set and achieve the expected division effect in players’ bidding

style experiments. To some extent it verifies the feasibility of the division of players’ game style.
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